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We describe the construction and characterization of an event-based hardware vision system (CAVIAR) that learns to classify spatio-temporal trajectories.  

Our characterization so far showed that stimuli of two different shapes on a rotating disk 
could simultaneously be discriminated and their position extracted at level of the object chip. 

CAVIAR is the largest AER system yet assembled. It is a step towards efficient architectures for 
data-driven adaptive real time vision systems. 
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CAVIAR components emulate parts of biological visual pathways. They compute 
on incoming spikes and provide outgoing spikes. Cells are connected by 
asynchronous digital buses carrying their spike addresses using the 
Addresss-Event Representation (AER).  
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Can decide winning feature and scale  
based on as few as 2 interspike intervals 

Learns to classify trajectories of feature space neurons using delays and 
unsupervised STDP learning network. 
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